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Logging methods statusLogging methods status

• Nuclear: Mote Carlo routine, parametric in early
phase

• Acoustic: inversion in toolbox; parametric models
starting, mostly non parametric

• Electrical: inversion in technology transfer phase
• Borehole seismics: well advanced, 3D almost

commercial
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Oil - Resistivity  relationship: boreholeOil - Resistivity  relationship: borehole
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from The Log Analyst, 1994 
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Reserves estimate Reserves estimate 
DPIL vs. HDILDPIL vs. HDIL 

Net Pay and Saturation Analysis

DPIL HDIL

Reservoir Thickness: 270 ft
Net Pay (ft) 103.6 130.1
Net Pay 38.4% 48.2%
Por. Feet 15.4 ft 18.9 ft
Hyd. Feet 7.4 ft 9.2 ft

HDIL data allowed 24%

more OIIP be booked.   
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2 ft VRM vs 2D Inversion

OIIP = (A*h)*Por*(1-Sw)
A= 160 acre
Assume 7,758 API Bbl/acre-foot
1 Bbl = $22

2 ft VRM Curves 2D Inversion

h 67.00 ft 74.75 ft
Por 25.8% 25.9%

(1-Sw)69.5% 67.3%

OIIP 14,912,427 Bbl 16,173,193 Bbl

Value 328 M$ 356 M$

HDIL VRMHDIL VRM

2D inversion2D inversion

volumetricsvolumetrics

porositiesporosities

SwSw
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Focused & Raw Data InversionFocused & Raw Data Inversion
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Rt (joint)Rt (joint)Joint Inversion ofJoint Inversion of
HDLL & HDIL DataHDLL & HDIL Data
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Formation Resistivity - LWD &Formation Resistivity - LWD &
WirelineWireline

• Ability to
enhance both
LWD & Wireline
resistivity data

• More resistive
zones translate
into more OIP

Joint inversion of MPR & HDIL dataJoint inversion of MPR & HDIL data

Joint
MPR
HDIL
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 Log inversion benefits: Log inversion benefits:

• Better delineated  oil bearing zones

• More accurate formation parameters

• Risk analysis parameters

• New ways for data integration & upscaling

• BUT: Sensitivities, Uncertainties???

⌦CLOSING THE LOOP
WALS97670f
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